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Al System for Korean Medicine (KMGPT)
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Korean Medicine Applied Al Research Department, Korea Institute of Oriental Medicine

’Evidence-Based Korean Medicine Research Department, Korea Institute of
Oriental Medicine

Abstract

This study aims to develop KMGPT, a generative Al system for Korean medicine that
integrates large language models (LLMs) with retrieval-augmented generation (RAG)
based on Korean medicine literature. General-purpose LLMs are trained mainly on
Western biomedical data. They show limited understanding of Korean medicine
concepts, classical Chinese texts and domain terminology, and may generate
unsupported statements (hallucinations). To address these limitations, we constructed a
knowledge base integrating classical Korean medicine texts, a Korean medicine ontology
derived from textbooks, research articles (OASIS), a Korean medicine terminology
dictionary and clinical practice guidelines of Korean medicine. The texts were cleaned,
segmented into semantic chunks and annotated with bibliographic metadata, then
embedded and stored in a vector database. The RAG pipeline consists of query
processing, hybrid retrieval, re-ranking and answer generation with explicit source
citation. KMGPT was implemented as a private on-premise web-based service displaying
retrieved evidence alongside each answer. We examined the system through
representative query scenarios covering prescriptions and clinical guidelines,
terminology and pattern differentiation, herbal formulas and medicinal herbs with
research literature, and clinical guideline-based evidence retrieval. KMGPT produced
answers grounded in the retrieved literature with source citations, whereas a
general-purpose LLM gave answers without verifiable sources in the selected cases.
KMGPT offers a foundation for evidence-based generative Al in Korean medicine
research, education and clinical decision support. The study is limited to qualitative
case review without quantitative evaluation of retrieval or answer quality. Systematic
assessment using retrieval metrics and answer quality benchmarks is needed in future
work.

Key words : Korean Medicine; Retrieval-Augmented Generation; Large Language Model;
Generative Al: Knowledge Base: Ontology
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Table 1. Configuration of KM Knowledge Base
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Table 3. Exploratory Observations on Response Characteristics in Selected Cases
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